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Toxic Mushroom Recognition Method Based on Improved YOLOv8
Wenjing Xing
Chongging Three Gorges University
[Abstract] There are many types of mushrooms, and it is not easy to distinguish which are poisonous, making
mushroom identification technology very necessary. Mushrooms usually appear in densely obstructed
environments, with diverse shapes and significant variations in scale. To address these issues, a poisonous
mushroom identification method based on an improved YOLOvV8 model is proposed. The YOLOvV8 model is
improved by introducing the DAttention module and the SlimNeck module. Results show that the improved
model outperforms the base model in precision, recall, and mean average precision, reaching 92.5%, 87.7%, and
92.1%, respectively. Additionally, compared with YOLOv5, YOLOvV7, and YOLOv10 models, the improved
model's mAP@50 increased by 2.1 to 14 percentage points. This study provides an accurate solution for

poisonous mushroom identification.
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